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A
Hierarchy
~of Needs.

Al,
Deep
Learning

A/B Testing,
LEARN / OPTIMIZE Experimentation,

Simple ML Algorithms

AGGREGATE / LABEL Analytics, Metrics, Seg.m.ents,
Aggregates, Features, Training Data

EXPLORE / TRANSFORM Cleaning, Anomaly Detection, Preperation

Reliable Data Flow, Infrastructure, Pipelines, ETL,

MOVETSTORE Structured and Unstructured Data Storage

Instrumentation, Logging, Sensors, External Data,

COLLECT User Generated Content






“More data beats clever algorithms,
~ but better data beats more data.”

- Peter Norvig
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e Formal Problem Definition ‘
e Essential Data Signal Determination
e Data Volume Requirement
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Interesting Problem Recognition

o Data signal(s) worth estimating?
o Lead to fascinating results?
Metadata Association

Data Volume Requirement

Data Uniqueness Check
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Defining a formal problem statement.

Developing an intuition of how ML can tackle
the problem, and its challenges.

Sourcing the data, or fabricating our own
dataset.

Processing the dataset, and performing
feature engineering.

Defining appropriate metrics to measure the
success of the intelligent solution.

Choosing appropriate model and learning
algorithm to address the problem

Deploying the model and monitoring the
predictions.

Maintaining new streams of data and
refreshing model parameters
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‘ h, Andrew Ng &
2By @AndrewYNg

Would love your feedback on this: Al Systems = Code
(model/algorithm) + Data. Most academic
benchmarks/competitions hold the Data fixed, and let
teams work on the Code. Thinking of organizing something
where we hold the Code fixed, and ask teams to work on the
Data. (1/2)

1:12 PM - May 24, 2021 - Twitter Web App

402 Retweets 91 Quote Tweets 3,498 Likes
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gﬁ Tweet your reply

Andrew Ng & @AndrewYNg - May 24

& ¥ Replying to @AndrewYNg
Hoping this will more closely reflect ML application practice, and also spur
innovative research on data-centric Al development. What do you think? (2/2)
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WHAT’S INSIDE?

e Significance of data in Machine Learning

e Identification of relevant data signals

e End-to-end process of data collection and dataset construction
e Overview of extraction tools like BeautifulSoup and Selenium

e Step-by-step guide with Python code examples of real datasets
e Synopsis of Data Preprocessing and Feature Engineering

e Introduction to Machine Learning paradigms from a data

perspective
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Endorsed by leading ML experts.
Read forewords by:

Julian McAuley

Associate Professor at UC San Diego

: Laurence Moroney :
. Lead Artificial Intelligence Advocate at Google :

Mengting Wan

Senior Applied Scientist at Microsoft
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